Carbon storage potential of a managed mountain grassland
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tive uncertainty estimation

Modelling results - Assumed and actual residual distributions for the NEP, , NEP
and Ciotiage data sets derived from parallel estimation of carbon model, GPP model and
the three error model parameters (left figure).

iii) project future carbon storage potentials and yields using the
models in combination with local climate scenarios and manage-

ment strategies.
Modelling results are depicted in the right figure. Measured NEP, , NEP , and C_.
data are shown as solid black circles including error bars for £+ 1 stdv. Model uncertain-
ties resulting from parameter uncertainties are depicted as dark grey shaded areas.
Predictive uncertainties, comprising measurement, model input and model structural
errors, are depicted as bright grey areas.

Snow covered periods are shown as black horizontal bars in lowermost panel. Sudden
drops in C; | data are caused by cutting events taking place three times a year or the
establishment of a long lasting snow cover, respectively.

Further research will focus on the application of the estab-
lished model group and inversion scheme at different grass-
Correct residual handling - Illustrative example of biased parameter estimations due to incor- land sites. Subs.equel.ltly recom@endatlons fOl: future n.lan_
rect assumptions about the actual error probability model. Wrong assumptions about the actual agement strategies will be established. These will be derived
residuals lead to worse estimates of parameter- and total prediction-uncertainty (upper panels). from model runs given likely future climate scenarios and

The generalized likelihood function, introduced by Schoups et al. (2010) allows for the handling management options worked out in stakeholder interviews.
of dependent, heteroscedastic, and non-normally distributed model residuals and improves un-

certainty estimates (lower panels).
We are aiming for future management strategies of grassland

Modelling results - Effects of changes in cutting dates and/or ecosystems that provi T e e TR ST T ning the
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